. Deaths have been estimated to range between 3349 (1986-1987) and 48 614 (2003) (2004) annually [3] . Influenza-associated mortality in pandemic years can be higher still and typically shifts toward younger age groups [4] . This result was especially evident during the 2009 pandemic because cross-protective immunity to the pandemic strain was present among older adults [5] . During the recent 2009 influenza pandemic, 87% of the deaths occurred in persons <65 years of age, with children and young adults and middle-aged adults having rates of hospitalization and death 4 to 7 times and 8 to 12 times greater, respectively, than estimates from the years 1976-2001 [6] .
The best available strategy to prevent and control influenza is through influenza vaccination. In the United States, all persons ≥6 months of age are recommended to receive influenza vaccine annually. However, influenza vaccine effectiveness can vary from season to season, depending on the match between the vaccine influenza strains and the circulating strains and host factors. In addition, during influenza pandemics, the development and deployment of an influenza vaccine may be delayed. Influenza antiviral therapy for persons with severe influenza illness or who are at risk for complications is an important adjunct intervention to the influenza vaccination program, reducing morbidity and mortality during seasonal or pandemic influenza [7] [8] [9] [10] [11] [12] . Nonetheless, there is always the possibility of widespread circulation of an influenza virus strain resistant to available antiviral agents, and, in a pandemic situation, the risk of antiviral shortages is ever present. The use of immune-modulating drugs, particularly statins, has been postulated as an additional tool for the treatment and prophylaxis of influenza, especially in countries where influenza vaccine and antiviral agents are not readily available [13, 14] .
Statins have wide-ranging down-regulatory effects on inflammatory and immune mechanisms [15] [16] [17] , and there is some evidence that statin treatment may beneficially alter the clinical course of some infectious diseases [18] [19] [20] [21] . To date, no randomized clinical trials have been conducted to address whether statins could reduce complications of influenza, although some observational studies have suggested protective effects [22] [23] [24] [25] . A study by Vandermeer et al [23] , using data from a populationbased influenza surveillance system, found a protective effect of statin use on mortality among patients hospitalized with laboratory-confirmed influenza during the 2007-2008 influenza season. Nonetheless, due to the observational nature of the study, biases could potentially explain this association, even after controlling for confounders.
We sought to repeat the 2007-2008 influenza season analysis of Vandermeer et al [23] and to analyze the 2009 influenza A (H1N1) pandemic data from the same surveillance platform to study the possible association between influenza-associated mortality and statin treatment. In this analysis, we take into account potential treatment indication biases through the use of propensity score-matched analysis.
METHODS

Study Setting and Population
This study was conducted with data from the Centers for Disease Control and Prevention's (CDC) Emerging Infections Program (EIP) influenza hospitalization surveillance. The EIP influenza hospitalization surveillance system collects data on persons hospitalized with laboratory-confirmed influenza from October 1 through April 30 of the following year, because influenza typically circulates in the fall to spring months in the northern hemisphere. The exception to this was the 2009 influenza pandemic, in which hospitalization data were collected from September 1, 2009 through April 30, 2010. The EIP network comprises selected counties in 10 US states (California, Colorado, Connecticut, Georgia, Maryland, Minnesota, New Mexico, New York, Oregon, and Tennessee) and includes a catchment area of approximately 23 million people.
Cases were identified through active surveillance from reports from hospitals and review of infection control logs or hospital laboratory lists. Ascertainment of cases was based on laboratory testing ordered by attending healthcare providers for clinical purposes. Cases included patients (1) ≥18 years of age, (2) residing within the EIP catchment area, (3) admitted to a catchment area hospital, and (4) admitted within 14 days of a positive influenza test either by viral culture, real-time reverse transcription polymerase chain reaction, immunofluorescence antibody staining (indirect or direct), rapid influenza diagnostic test, or any test of unknown type recorded in the medical chart. Patients possibly infected with influenza virus during hospitalization ( positive influenza test >3 days after admission) were excluded as case subjects.
Data Collection
Demographic, epidemiologic, and clinical information were collected from chart reviews. Influenza vaccination status was determined from the medical chart, primary care provider, or via phone interview (of patient or proxy). Patients were considered vaccinated for influenza if a vaccine had been administered >2 weeks before hospitalization, regardless of whether the patient had seasonal vaccine, H1N1 monovalent vaccine (for the 2009 pandemic), both seasonal and monovalent vaccine, or unknown vaccine type. If antivirals were administered at any point during the course of illness, a patient was considered treated. Age was categorized into 5 groups (18-34, 35-44, 45-54, 55-64, and ≥65 years). Race and ethnicity were determined by chart review or by self-report during patient interviews for vaccination status information. Race was categorized into 3 groups (White, Black, and other), and ethnicity was categorized as Hispanic or non-Hispanic. Race and ethnicity were analyzed separately. Underlying health conditions of interest included asthma, chronic cardiovascular disease (excluding hypertension), chronic metabolic disease, renal disease, chronic lung disease, immunosuppressive disorders (including cancer diagnosis in the 12 months before hospital admission), seizure disorders, history of lymphoma or leukemia, blood disorders, neuromuscular disorders, obesity, and cognitive dysfunction. We combined all underlying chronic disease variables other than cardiovascular disease, chronic metabolic disease, chronic lung disease, renal disease, and asthma into a variable for "other chronic diseases." Height and weight were collected during the 2009 pandemic but not during the 2007-2008 influenza season. Height and weight were used to determine body mass index (BMI), which was used to categorize patients as underweight (BMI <18.5), normal weight (BMI 18.5-24.9), overweight (BMI 25.0-29.9), obese (BMI 30.0-39.9), or morbidly obese (BMI ≥40).
The exposure of interest was statin treatment, either before or during hospitalization, which was determined from hospital records. Data on statin dose or frequency of administration were not collected. Death within 30 days of a positive influenza test was the outcome of interest. Mortality after hospital discharge was determined by linkage of hospitalization data with the Social Security Death Index (SSDI) by state. Linkage was done using Registry Plus™ Link Plus (version 2.0), a probabilistic record linkage program. Mortality during hospitalization was determined through chart review and data linkage with SSDI data.
This study was submitted for review and approved by the institutional review boards serving the CDC and participating states.
Analysis
Propensity scores were used to predict the probability of treatment with statins. The use of propensity scores in observational studies facilitates similar distributions of baseline characteristics between treated and untreated groups, reducing potential treatment selection bias [26] . Logistic regression models were iteratively assessed to determine the balance of covariate proportions between statin treatment groups in the subsequent matched samples. The best and final model was the one that balanced covariates between treatment groups, as determined by standardized differences <0.10. The final logistic regression model for the 2007-2008 matched sample included age, sex, race, ethnicity, cardiovascular disease, chronic metabolic disease, chronic lung disease, renal disease, asthma, and vaccination status as covariates. The final logistic regression model for the 2009-2010 matched sample included age; sex; race; cardiovascular disease; chronic metabolic disease; chronic lung disease; renal disease; weight category; long-term care residence; vaccination status; and interaction terms for age and race, age and sex, and age and cardiovascular disease. After calculation of propensity scores, a greedy matching algorithm was used to identify 1 untreated patient for each treated patient in the respective matched samples [27] .
The χ 2 test was used to assess differences in characteristics between the statin treatment groups in the unmatched cohort. Categorical variables were transformed to indicator variables to facilitate assessment of balance of covariates between statin treatment groups after matching. Standardized differences [26] were used to evaluate measured baseline covariate distributions between statin treatment groups in the matched cohorts.
McNemar's test for matched pairs was used to assess the difference in proportion of deaths between treated and untreated groups. We used Cox proportional hazards models with robust standard errors, stratified on matched pairs, to determine the effect of statin treatment on mortality within 30 days of a positive influenza test. We used the method described by Rosenbaum [28] for survival outcomes for determining the sensitivity of point estimates to hidden bias. We conducted statistical analysis using SAS software (version 9.3; SAS Institute, Cary, NC), and OpenEpi (version 2.3.1) was used for post hoc sample size calculation [29] . In the 2009 pandemic cohort, the statin treatment group compared with the nontreatment group was older, with a greater proportion of males and whites. The statin treatment group had a higher prevalence of cardiovascular disease, chronic metabolic disease, chronic lung disease, and renal disease, but not of other chronic conditions. The statin treatment group also had a greater proportion of persons considered obese and morbidly obese.
RESULTS
Baseline Characteristics Before Matching
Influenza vaccination was more prevalent among those in the statin treatment group, for both cohorts. There was no significant difference between the proportion of those treated with antivirals for either cohort.
Baseline Characteristics After Matching
After matching on propensity score (Table 2) , both the 2007-2008 and 2009 pandemic matched samples were balanced on treatment groups. For all covariates, the standardized differences after matching were <0.10 for both cohorts.
Mortality Outcomes, Point Estimates
There were 670 pairs in the 2007-2008 sample. For 21 pairs, the treated case subject died within 30 days, but the untreated case subject did not. There were 51 pairs in which the untreated case subject died within 30 days but the treated subject did not. For 1 pair, both the treated and untreated case subjects died, and for 597 pairs, neither case subject died. The results of McNemar's test indicate that the 30-day mortality rates between the treated (3.28%) and untreated (7.76%) groups were significantly different (P < .001).
There were 439 pairs in the 2009-2010 cohort sample. For 17 pairs, the treated case subject died within 30 days but the untreated case subject did not. There were 23 pairs in which the untreated case subject died within 30 days but the treated subject did not. For 4 pairs, both the treated and untreated case subjects died, and for 395 pairs, neither case subject died. The results of McNemar's test indicate that the 30-day mortality rates between the treated (4.78%) and untreated (6.15%) groups were not significantly different (P = .43).
Cox proportional hazards models with robust standard errors were fit to the matched samples, stratified on matched pairs. The sole predictor variable for the models was statin treatment. We tested post hoc whether logistic regression on the unmatched 2009 pandemic cohort would have resulted in a significant point estimate for an effect of statins on mortality. We used a logistic model with backward deletion (and all first-order covariates). Because statin treatment was not a covariate selected through stepwise selection, we forced statin treatment into the final model. In a final model that included age, sex, and renal disease as covariates, the adjusted odds ratio (OR) for statins was not significant (OR = 0.74; 95% CI, .52-1.07).
Sensitivity Analysis
A sensitivity parameter and corresponding bounds were calculated for the observed point estimate from the 2007-2008 matched sample. The results (gamma = 1.47; maximum P value = .049) indicate that the point estimate is sensitive to hidden bias. An unmeasured confounder that could explain a 47% difference in the odds of statin treatment between groups could explain the observed association between statin use and mortality. Sensitivity analysis for the point estimate for 2009-2010 data was not calculated due to the lack of an observed significant effect.
Post hoc Sample Size Analysis
Using 
DISCUSSION
In this analysis, using data from a population-based laboratoryconfirmed influenza hospitalization surveillance platform, we evaluated the effects of statin use over 2 influenza seasons. We found that statins had no statistically significant effect on mortality during the 2009 pandemic season, but there was a significant statin effect on reducing mortality during the 2007-2008 [30] ; whether the difference in apparent efficacy of statins between the 2 seasons could be explained by variation in age-specific immune histories or variation in the degree of cytokine dysregulation caused by the different influenza virus subtypes is an area for additional investigation. However, on further examination, the latter association was measurably sensitive to bias and therefore could reflect omissions of covariate measurement rather than an actual relationship between statin treatment and death after influenzaassociated hospitalization.
Data from the 2007-2008 season was previously analyzed using a multivariable logistic regression model [23] . Results from that analysis showed that after controlling for demographic characteristics, underlying medical conditions, vaccination, and antiviral treatment, the use of statins reduced the odds of death (adjusted OR, 0.59; 95% CI, .38-.92). However, a limitation of observational studies is the lack of random treatment assignment, which can result in sizeable differences in the distribution of covariates between treatment groups. We sought to balance the covariates between the statin-treated and untreated groups by using propensity score analysis. Nonetheless, we also found a protective effect of statins on death among laboratoryconfirmed influenza patients hospitalized during the 2007-2008 season. Questions persist about the efficacy of statin medications in reducing severe complications of influenza because we showed that our findings could be driven by unmeasured biases.
Four other studies that looked at statin use and influenza outcomes also found equivocal results. Two of them examined the impact of statins in reducing severe disease in adults hospitalized with laboratory-confirmed influenza during the 2009 H1N1 pandemic [22, 31] . Neither found a significant association between use of statins and severe disease (classified as either intensive care unit admission or death), although both were potentially hampered by small sample size. Two studies evaluating statin use during multiple influenza seasons in the decade before the 2009 pandemic found a protective effect on influenza mortality, although 1 of the studies found only a modest (10% reduction in deaths from pneumonia) effect [24, 25] . These latter 2 studies relied entirely on administrative claims data; patients identified with influenza were not laboratory-confirmed, raising concern for misclassification of outcome, and may have been additionally biased by misclassification of exposure, because both studies abstracted data on previous history of statin use but not actual use at the time of the influenza hospitalization.
Information about whether there is benefit to initiating statin use in patients without other indications for statins at the time of influenza diagnosis would certainly be of clinical and public health interest. In this context, randomized controlled trials (RCT) that address initiation of statin treatment in patients with influenza would offer clear advantages. Recent RCT data have been pessimistic regarding the role of statins in modulating inflammatory responses in infectious disease processes. One RCT observed no clinical effect of statins on 28-day mortality among patients with ventilator-associated pneumonia [32] ; another showed that statins did not improve clinical outcomes among patients with acute respiratory disease syndrome associated with sepsis [33] . In contrast, a recent in vitro study showed that statin treatment can protect host cells against influenzainduced inflammation by reducing the production of tumor necrosis factor-α, interleukin-8, and interferon-γ, and therefore inhibit influenza A virus replication [34] . Further studies to evaluate the effect of immunomodulatory agents in reducing influenza-related complications may still be warranted, but they may be better suited for settings where these drugs are not used widely.
This study has several limitations. We could not determine whether a patient's statin treatment continued throughout the 30-day follow-up period because we only had medical data for the period of time the patient was hospitalized. The length of exposure to statins before hospitalization was not measured nor was the dose or frequency of statin use before or during hospitalization, which could have a possible effect on the outcome. In addition, identification of death after hospital discharge via data linkage between the SSDI and EIP data could result in an underdetection of deaths; the probabilistic linkage algorithm used is highly accurate, but it is not a match-merge of data by, for example, a unique identification number. However, there is no reason to expect that either mortality status would be misclassified or that deaths would be undetected as a result of treatment status or any particular covariate. Emerging Infections Program influenza surveillance sites do not collect detailed data on socioeconomic status or baseline functional status, and data on BMI were not collected during the 2007-2008 influenza season. Certainly, an unmeasured covariate such as insurance coverage could hypothetically increase the likelihood of statin treatment prehospitalization while simultaneously reducing the likelihood of death after hospitalization. Healthy user bias may certainly apply to the current study as well as most studies cited above [22] [23] [24] [25] 35] . Patients being treated with statin medication have been found to have better access to preventive services such as screening services and vaccinations, and therefore they may be healthier at baseline than patients not taking statins [36] . Moreover, those with limited access to care would be more likely to be hospitalized later in the course of illness, and they would have reduced opportunities to respond to medical interventions.
CONCLUSIONS
During an influenza pandemic, we may have very few tools to prevent and treat influenza virus infection and therefore reduce mortality, because vaccine development can occur very late in the course of the pandemic and antivirals may be in limited quantity and of unknown effectiveness to a novel strain. Our study results do not find a definite protective effect of statins on influenzaassociated death. Promotion of the use of statins as part of public health pandemic preparedness or for an individual patient's benefit is not warranted based on current available data.
